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1. Background & Objectives | 3. Results and Discussion 3.2 Land use 3.3.2. Census vs HISDAC v2

T'he knowledge iof the evolution of human settlements is 3 1 B = We also created 250m resolution gridded surfaces of 8 land use The figures below illustrate the similarity between US-wide
; .1 Built up areas : ' g

crucial for understanding envirenmental change and human- gories, including commercial, res l.lf-,' |l income, residential housing trends (1890s - 2020s) when using U.S. Censu:

environment interactions. In recent years, various spatial data own, agricultural, r tional, industrial, governmental, and HISDAV_v2 BUPR data at the county and state level. Pearson
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products have been developed that describe the built Ve created 250m resolution gridded surfaces of First Built-up vacant from 1940 to 2020 T e figure bn ow prese":a the surfaces rrelation ranged from 0.75 to 0.9. These results are

anvir bal levels. such as year (FBUY), Built-up property locations bL,"L‘n Built-up

onment at national, regional, and glo

for different land use 2ring HISDAC v2 BUPR data include all land
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Google's building footprints, OpenStreetMap, and Open City property records (BUPR), and B“ t-up intensity (BUI) and own) in 1945 and 1985 in Austin Texas use cl vhi nsus data only contains residential housing
"r)dp\ (OCM) ¢ e these datasets capture the human

Commercial (b)BUPRvS Census

yrint in unigque ways. developing comprehensive historical
ur-t'lc- nent data has been challenaing due to data missingness
and ir lfr qQ :nt data updates

tegrating various sources of large
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geospatial date ese efforts were made to improv ALY Y ; . II |
overage of our recent work on the Historical Settlement qntn ‘ g . : ||| 1
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2. Data & Methods el H 3 kot Bl Residential-Income 1945 - JOLEL Y Zanes_

We use Zillow's ZTRAX? database, containing ~300 millicn
data records on property & building characteristics and real
transactions in the US, OpenCityModel* and
Microsoft's building footprint data, and Parcel data from
Parcel Atlas?, including ~146 millicn current parcels in the US
Integrating the described spatial input data is challenging
because the data is hr-tn rogeneous in its basic properties and
quality paramete his processing step aim
higher-quality combined data product using the « hffwu it
characteristics of the input data sources. In this case, data
ntegration is based on various spatial operations, such as
“ntnlj in ( ntor-‘nﬂ*tmn nearest join) and address matching,
to create a datas turing
building attributes sL door area, X ; q
volume, and year-built. After mtog'i. ng ZIR/\X Parcel, and RIS ¢ .
OC‘A data, we converted them to point features. The point XN
...... res were input to the rasterization step. We created a set

u multi-temporal gridded layers using the built-year attribute for Built-up property locations {2020) 3.3 CompariSOn

temporal definition and building ons and attributes within
e 3.3.1. HISDAC v1 VS HISDAC v2

grid cell extents to calculate and assign the cell value
The results in below figure show that HISDCAvZ has higher

com plc eness of year-built information particularly in the Midwest 3.

4. Future studies

We will continue to conduct comparison analysis for land use data.
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